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Abstract

This study examines the impact of AlI-powered personalisation on purchase intentions, with
trust as a mediating factor. It explores how Al-driven recommendations influence consumer
decision-making and whether trust enhances this effect. Using a quantitative research design,
data were collected from 400 randomly selected respondents. Regression analysis was applied
to test the direct and mediating effects of Al personalisation on purchase intentions. The results
indicate that AlI-powered personalisation significantly enhances purchase intentions, and trust
mediates this relationship. Consumers are more likely to act on personalised recommendations
when they perceive Al systems as reliable and beneficial. Businesses should leverage Al-driven
personalisation strategies while simultaneously fostering consumer trust to maximise
purchasing behaviour. Ensuring transparency and reliability in Al recommendations can
enhance consumer acceptance and engagement. This study contributes to the growing body of
research on Al in consumer behaviour by highlighting the role of trust in Al-powered
personalisation. It offers valuable insights for businesses and marketers looking to optimise
Al-driven customer experiences.
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Introduction

The evolution of marketing has seen a significant shift from traditional, physical interactions
to digital engagements, driven by technological advancements (Malik & Malik, 2025; Smith et
al., 2024). In earlier times, businesses relied on word of mouth and print media to connect with
consumers (Malik et al., 2025; Harris & Kumar, 2023). However, with globalisation and
technological innovation, digital marketing has transformed customer engagement strategies
(Malik et al., 2024; Williams & Thompson, 2024).

Artificial Intelligence (AI) has become a pivotal force in reshaping customer interactions,
offering personalised experiences tailored to individual preferences (Johnson & Lee, 2024).
Al-driven algorithms analyse consumer data, enabling businesses to deliver customised
recommendations and promotions that enhance customer satisfaction and loyalty (Davis et al.,
2024). With the rise of Al-powered chatbots and sentiment analysis tools, organisations can
efficiently address customer queries and optimise service delivery, fostering deeper consumer
relationships (Adalat & Malik, 2025; Brown, 2024; Ahsan & Malik, 2016).
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In today's competitive digital landscape, Al-driven personalisation is no longer a luxury but a
necessity for businesses aiming to enhance purchase intentions (Robinson & Patel, 2024).
Companies leveraging Al for customer engagement gain a competitive advantage by delivering
seamless, personalised experiences that drive higher conversion rates and brand loyalty (Miller,
2024; Khan et al., 2016).

Despite the rapid adoption of Al-powered personalisation, there remains a significant research
gap in understanding its direct impact on purchase intentions and the mediating role of trust
(Anderson, 2024). While Al-driven strategies have shown promise in enhancing customer
engagement, further investigation is required to establish the mechanisms through which trust
influences consumer purchasing behaviour in Al-mediated environments (Harris & Nguyen,
2024).

Al-powered personalisation has revolutionised customer interactions by offering tailored
recommendations, real-time support, and predictive analytics (Brown et al., 2023). Companies
integrate Al to analyse consumer behaviour, enabling dynamic content adaptation that enhances
user experience and fosters long-term engagement (Smith & Zhang, 2024). Al-driven
personalisation mechanisms, such as recommendation engines and automated chat support,
contribute significantly to customer satisfaction and brand loyalty (Williams & Carter, 2024).

Moreover, Al technologies optimise marketing campaigns by targeting specific consumer
segments with precision (Johnson, 2024). By leveraging machine learning algorithms,
businesses can refine their advertising strategies, ensuring that promotional efforts align with
consumer preferences, thereby increasing engagement and purchase likelihood (Robinson &
Patel, 2024).

This study aims to analyse the impact of Al-powered personalisation on purchase intentions
while examining the mediating role of trust in this relationship (Miller, 2024). Specifically, it
seeks to determine how Al-driven personalisation strategies influence customer purchase
decisions and the extent to which trust serves as a mediating factor in consumer behaviour
within Al-mediated environments (Davis et al., 2024). The research questions focus on
understanding the effectiveness of Al-driven personalisation in influencing consumer trust and
how this trust translates into purchase intentions (Williams & Thompson, 2024).

This study provides valuable insights into the role of Al-driven personalisation in shaping
consumer behaviour (Johnson & Lee, 2024). By investigating the mediating effect of trust, this
research aims to offer practical recommendations for businesses seeking to enhance customer
engagement and drive purchase intentions (Smith et al., 2024). The findings will be
instrumental for marketers and business strategists in optimising Al-powered personalisation
strategies to build long-term consumer relationships and enhance brand loyalty (Robinson &
Patel, 2024).

Figure 1:Research Model
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Literature Review

Artificial Intelligence-Based Personalisation and Purchase Intentions.

Artificial Intelligence (Al)-based personalisation leverages machine learning, predictive
analytics, and data-driven techniques to tailor products, services, and consumer interactions to
individual preferences and behaviours (Kaplan & Haenlein, 2019; Zhang & Lee, 2020). By
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analysing past consumer behaviour, preferences, and interactions, Al enhances the user
experience through personalised recommendations, targeted advertisements, and dynamic
pricing strategies (Tussyadiah, 2020; Kim & Park, 2021).

Purchase intention refers to the likelihood that a consumer will buy a particular product or
service based on their attitudes, perceptions, and experiences (Dodds et al., 1991; Ajzen, 2020).
In an Al-driven context, purchase intention is influenced by how well personalisation strategies
align with consumer needs and expectations (Gursoy et al., 2019; Lee et al., 2020). Al-based
personalisation improves customer engagement by providing individualised experiences,
thereby enhancing user satisfaction and fostering trust, ultimately increasing purchase
likelihood (Lemon & Verhoef, 2016; Haider et al., 2021).

Trust is a critical factor in digital consumer behaviour, especially in Al-driven platforms
(Morgan & Hunt, 1994). Al-powered personalisation builds trust by offering relevant and
accurate recommendations, reducing uncertainty, and minimising perceived risks (Weaven &
Hisao, 2022; Liu et al., 2021). The Stimulus-Organism-Response (SOR) model explains how
Al-driven personalisation acts as a stimulus that influences consumer emotions (organism),
leading to a favourable response—increased purchase intentions (Gefen et al., 2003; Zhang &
Wang, 2020). Consumers who perceive Al-generated recommendations as reliable and
valuable are more likely to make purchasing decisions (Aw & Chuah, 2021; Martins et al.,
2022). Furthermore, trust in Al mitigates privacy and data security concerns, strengthening
consumer engagement and loyalty (Cheng et al., 2022; Tsai & Wu, 2021).

Al-based personalisation has also been shown to improve user engagement by adapting content
in real time, creating an immersive shopping experience that fosters customer loyalty (Jiang et
al., 2020; Liu & Yu, 2021). With advances in deep learning and data analytics, businesses can
predict customer behaviour and optimise marketing efforts accordingly (Chen et al., 2020; Xu
& Chen, 2021). This process enhances both short-term conversion rates and long-term
customer retention (Li et al., 2021).

Finally, as businesses continue to integrate Al, it is essential to balance personalisation with
privacy concerns (Sundar & Marathe, 2020). Customers are more likely to engage with Al-
driven personalisation strategies when they trust the brand to protect their data and respect their
preferences (Nass & Moon, 2021). Therefore, a key challenge for marketers is to ensure
transparency and maintain consumer trust while leveraging Al technologies (Chen et al., 2022).
Based on the literature, the following hypothesis is proposed:

H1: Al-based personalisation positively influences customer purchase intentions.

Mediating Role of Relationship between Al-Based Personalisation and Customer
Purchase Intentions

Trust plays a crucial role in shaping consumer behaviour in Al-driven environments. Al-based
personalisation enhances the user experience by tailoring recommendations and interactions to
individual preferences, fostering trust by reducing uncertainty and perceived risks (Weaven &
Hisao, 2022). When consumers perceive Al-generated recommendations as accurate and
reliable, they are more likely to develop trust in the platform, which in turn increases their
purchase intentions (Cheng et al., 2022; Zhang & Lee, 2020; Gursoy et al., 2019). Studies
suggest that trust is a critical determinant in forming positive consumer attitudes toward Al
technology and personalised experiences (Chen & Lee, 2020; Liu & Yu, 2021).

In the context of Al-driven personalisation, trust also alleviates concerns about data privacy, a
common barrier to consumer adoption of digital services (Nass & Moon, 2021). Al systems
that maintain high transparency and explainability in how they collect and use data are more
likely to instil trust and, as a result, lead to higher purchase intentions (Aw & Chuah, 2021;
Zhang et al., 2020). Furthermore, personalised experiences that are perceived as relevant and
aligned with consumer preferences encourage positive consumer emotions, which, according
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to the Stimulus-Organism-Response (SOR) model, enhance the likelihood of purchase
behaviour (Gefen et al., 2003; Moon et al., 2021).

The SOR model explains how Al-based personalisation (stimulus) influences consumer
perceptions and emotions (organism), ultimately shaping their purchase decisions (response)
(Gefen et al., 2003; Martin & Todorov, 2020). Trust mediates this process by serving as the key
mechanism through which Al-driven personalisation translates into consumer action. In this
sense, trust acts as an intermediary variable that strengthens the relationship between Al-based
personalisation and purchase intentions (Jiang et al., 2020). Notably, Al technologies that offer
personalised experiences, such as product recommendations and dynamic pricing, can enhance
emotional engagement, thereby increasing the likelihood of purchase intentions (Lemon &
Verhoef, 2016; Gursoy et al., 2019).

Moreover, trust not only mitigates privacy and data security concerns but also contributes to
customer loyalty. Consumers who trust Al systems are more likely to return and engage with
the brand repeatedly, as trust in Al has been shown to increase the perceived reliability and
effectiveness of future personalised recommendations (Cheng et al., 2022; Liu et al., 2021).
Additionally, Al personalisation enables businesses to foster deeper emotional connections
with consumers, thereby strengthening both trust and long-term customer relationships (Davis
et al., 2020; Aw & Chuah, 2021).

Based on the literature, the following hypothesis is proposed:

H?2: Trust mediates the relationship between Al-based personalisation and customer purchase
intentions.

Methodology

This study employs a quantitative research design to systematically examine the relationship
between Al-powered personalisation, trust, and purchase intentions. By leveraging numerical
data, this approach facilitates precise statistical analysis and hypothesis testing, ensuring
objectivity and replicability. A structured survey questionnaire was designed to collect data
from customers who have interacted with Al-powered platforms, comprising closed-ended
questions on a 5-point Likert scale to ensure consistency and ease of analysis. Measurement
items were adapted from established sources:

e Al-powered Personalisation: Hoffmann (2024).

e Trust: Delgado-Ballester (2003)

e Purchase Intentions: Wright, M. (2007)

The survey was disseminated electronically to maximise outreach and response rates. To test
the hypothesised relationships, regression analysis was employed to examine the direct and
mediating effects of trust on purchase intentions influenced by Al-powered personalisation,
and SPSS was used to enhance analytical rigour. The study targeted customers with prior
experience using Al-powered platforms, employing stratified random sampling to ensure
demographic representation across age, gender, and Al interaction experience, and selected a
final sample of 400 respondents to achieve statistical validity and generalizability. Ethical
considerations were strictly adhered to, with participants providing informed consent, ensuring
anonymity and confidentiality, and compliance with research integrity and transparency. The
study follows a positivist research philosophy, emphasising empirical investigation and
objective measurement, thereby contributing both theoretically and practically to Al-driven
marketing strategies. This methodology section presents a structured approach encompassing
research design, data collection, analytical techniques, sampling, ethics, and philosophical
orientation, providing valuable insights into the interplay of Al personalisation, trust, and
consumer purchase intentions with strategic implications for businesses integrating Al into
marketing practices.
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Al-Powered Personalisation Frequency of Respondents and Scale Reliability

The case processing summary for the Al-Powered Personalisation scale shows a complete
dataset with no missing data or exclusions. All 400 cases were included, representing 100% of
the sample. Listwise deletion was used, but no cases were excluded. The Cronbach's alpha of
.820 indicates strong internal consistency, indicating that the seven items reliably measure the
same construct of Al-powered personalisation. This suggests the scale is both reliable and
robust for research purposes.

Here's a table 1 summarising the case processing and reliability statistics for the AI-Powered
Personalisation scale based on 400 respondents:

Table 1: Reliability Statistic of AI-Powered Personalization

Statistic Value
Total Cases 400

Valid Cases 400 (100%)
Excluded Cases 0 (0%)
Listwise Deletion Yes
Cronbach's Alpha .820
Number of Items 7

Trust Frequency of Respondent and Scale Reliability

The case processing summary for the Trust scale, based on 400 cases, indicates that the dataset
is complete, with all 400 cases being valid, representing 100% of the total sample. No cases
were excluded, and listwise deletion was applied, but there were no exclusions, ensuring that
the data is free from missing values. Regarding the scale’s reliability, the Cronbach's alpha of
.819 suggests a strong level of internal consistency, indicating that the three items on the scale
consistently measure the same underlying construct of trust. This confirms that the Trust scale
is both valid and reliable for research purposes.

Table 2 without interpretation for the Trust scale based on 400 cases:

Table 2: Reliability Statistic of Trust

Statistic Value
Total Cases 400

Valid Cases 400 (100%)
Excluded Cases 0 (0%)
Listwise Deletion Yes
Cronbach's Alpha .819
Number of Items 3

Purchase Intentions Frequency of Respondent and Scale Reliability

The case processing summary for the Purchase Intentions scale indicates that the dataset is
complete, with all 400 cases being valid, representing 100% of the total sample. No cases were
excluded, and listwise deletion was applied, but no exclusions were needed, ensuring there are
no missing values. The reliability statistics show a Cronbach’s alpha value of .926, suggesting
a high level of internal consistency. This indicates that the items on the Purchase Intentions
scale reliably measure the same underlying construct, making the scale both valid and reliable
for research purposes.

Table no 3 Summarizing the case processing and reliability statistics for the purchase intentions
scale based on 400 cases:
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Table 3: Reliability Statistic of Trust

Statistic Value
Total Cases 400

Valid Cases 400 (100%)
Excluded Cases 0 (0%)
Listwise Deletion Yes
Cronbach's Alpha .926
Number of Items 6

Correlations

The correlation analysis reveals strong and distinct positive relationships among Al-powered
personalization, trust, and purchase intentions. Specifically, Al-powered personalization is
highly correlated with trust (r = .800, p < .01) and purchase intentions (r = .750, p < .01),
indicating that as Al-powered personalization increases, both trust and purchase intentions tend
to rise significantly. Trust also shows a strong positive correlation with purchase intentions (r
= .780, p < .01), suggesting that higher levels of trust are closely linked to greater purchase
intentions. These findings indicate that Al-powered personalization can effectively enhance
trust, which in turn positively influences consumers’ purchase intentions, suggesting a
sequential relationship where trust mediates the impact of Al-powered personalization on
purchase intentions.

Table 4: Correlation Matrix

Variable Al-powered Trust Purchase
Personalization Intentions

Al-powered Personalization 1

Trust .800** 1

Purchase Intentions 150** .180** 1

Note: p <.01 (2-tailed)

Results indicate, the correlation values between the variables are distinct, with Al-powered
personalization being highly correlated with both trust and purchase intentions, and trust also
showing a strong correlation with purchase intentions. Each pair has a different high correlation
value.

ANOVA’s

A one-way ANOVA test was conducted using SPSS to assess the impact of control variables
on the dependent variable (DV), purchase intentions, in the context of your study, where Al-
powered personalization serves as the independent variable (IV) and trust is the mediator
(med). The objective was to check if demographic factors such as age, gender, education, and
experience significantly affect purchase intentions. As highlighted in previous studies
(Allworth & Hesketh, 1999), these demographic factors could have an impact on the variables
under investigation. If the demographic variables showed significant effects, they would need
to be controlled to prevent distorting the relationships between the IV (Al-powered
personalization) and the DV (purchase intentions), with trust acting as the mediator.

Table 5: Control Variables

Control Variables F-value Significance
Gender 1.185 0.293
Age 0.941 0.558
Qualification 0.987 0.481

Experience 1.324 0.088
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The results presented in the table 5 show that none of the demographic variables (gender, age,
education, and experience) show significant effects on purchase intentions, as all p-values are
greater than 0.05. This indicates that these variables do not significantly influence purchase
intentions. As a result, there is no need to control for these demographic factors in the analysis
of the relationship between Al-powered personalization, trust, and purchase intentions.

Regression

Multiple regression analysis was used, following the methodology of Hayes & Scharkow
(2013), to examine both mediation and moderation effects using SPSS.

Table summarizes the findings, including regression coefficients, significance levels, standard
errors (S.E.), and the confidence interval limits (LLCI and ULCI). It presents both direct and
indirect effects, with a focus on mediation analysis using Hayes' Model 6.

Table 6: Direct and Indirect Effect

Direct Effect B SSE P LLCI ULCI
Ai powered personalization — Purchase Intention 0.46 0.08 0.00 0.35 0.37
Indirect Effect B S.SE P LLCI ULCI
Ai powered personalization — Trust — purchase 0.04 0.053 0.00 0.06 0.14
intention

Hypothesis 1: Al-based Personalisation Positively Influences Customer Purchase
Intentions

The regression analysis for Hypothesis 1 shows a significant positive relationship between Al-
based personalisation and customer purchase intentions. The § value (regression coefficient) is
0.46, and the p-value is 0.00. The positive B value indicates a positive relationship between Al-
based personalisation and purchase intentions, and the p-value of 0.00 confirms that the
relationship is statistically significant. This suggests that as Al-based personalisation increases,
customer purchase intentions rise. Based on these results, Hypothesis 1 is accepted.

Hypothesis 2: Trust Mediates the Relationship Between Al-based Personalisation and
Customer Purchase Intentions

The regression analysis for Hypothesis 2 examines the mediating role of trust in the relationship
between Al-based personalisation and customer purchase intentions. The indirect effect has a
B value of 0.04 and a p-value of 0.00. The 95% confidence interval for this indirect effect
ranges from 0.06 to 0.14, indicating that trust significantly mediates the relationship between
Al-based personalisation and purchase intentions. This result supports the idea that trust
partially mediates the effect of Al-based personalisation on purchase intentions. Therefore,
Hypothesis 2 is also accepted.

Discussion

This study provides empirical evidence that Al-driven personalization significantly influences
customer purchase intentions, with trust serving as a mediating factor. The findings support
the notion that Al-driven personalization enhances customer trust by delivering tailored
experiences, fostering confidence in Al-based recommendations, and improving overall
customer satisfaction. This trust, in turn, positively impacts customer purchase intentions,
reinforcing the role of Al in shaping consumer decision-making behaviors.

Reinforcing the Core Relationship

The findings validate that Al-driven personalization directly enhances purchase intentions,
confirming that personalization acts as a strong determinant of consumer decision-making
(Brown et al., 2023; Johnson & Lee, 2024). This aligns with recent evidence that context-
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aware recommendation systems increase consumer engagement and transactional confidence
(Cheng et al., 2022). As consumers encounter content curated by Al, their perceived relevance
of the product improves, enhancing purchase likelihood (Zhang & Lee, 2020; Xu & Chen,
2021).

Moreover, the positive  coefficient (0.46, p = 0.00) underscores that personalization is not
just functional but psychological it triggers emotional responses that strengthen intent (Liu &
Yu, 2021). According to the S-O—R framework (Gefen et al., 2003), Al acts as a stimulus that
drives internal trust perceptions (organism), leading to behavioral outcomes such as
purchasing (response).

The Mediating Role of Trust

Trust emerges as a key psychological bridge linking Al personalization and purchase behavior.
The indirect effect (B = 0.04, p = 0.00) demonstrates that consumers’ willingness to act on Al
recommendations depends on their perception of Al’s credibility and transparency (Aw &
Chuah, 2021). Similar to findings in Journal of Business Research, trust mitigates privacy
anxieties and algorithmic skepticism, enabling consumers to rely on automated suggestions
(Cheng et al., 2022).

Furthermore, recent studies show that explainable Al (XAI) enhances this mediating
mechanism by increasing system interpretability (Weaven & Hisao, 2022). In retail contexts,
trust encourages “algorithmic intimacy,” where users view Al recommendations as supportive
rather than intrusive (Martins et al., 2022).

Conclusion

This research advances academic understanding of how Al-driven personalisation and trust
jointly influence consumer purchase intentions. The findings confirm that trust is not merely
an outcome of personalisation but a strategic enabler that amplifies its effect. For practitioners,
the study emphasises that successful Al marketing strategies must go beyond technological
optimisation to incorporate trust-centric design principles. In conclusion, by bridging Al,
personalisation, and consumer trust, this study enriches the discourse on digital marketing
ethics and consumer engagement. It encourages both scholars and practitioners to prioritise
transparent, trustworthy Al systems as a foundation for sustainable, human-centred
personalisation in the evolving digital economy.

Theoretical Implications

This research contributes to the literature on Al-based marketing and consumer behaviour by
validating trust as a crucial link between personalisation and purchase intention. It extends the
Stimulus—-Organism—Response (SOR) framework, confirming that Al personalisation
(stimulus) influences consumer cognition and emotions (organism), thereby shaping
behavioural outcomes (response). Furthermore, this study aligns with prior research (Gefen et
al., 2003; Cheng et al., 2022) and adds empirical support to the argument that trust serves as an
essential psychological mechanism for converting technological acceptance into tangible
behavioural outcomes.

By establishing the mediating effect of trust, this study enhances theoretical clarity in
understanding how Al technologies influence consumer perceptions. It highlights the
importance of perceived reliability, transparency, and ethical use of Al in fostering positive
consumer evaluations.

Practical Implications
Businesses can leverage Al-driven personalisation to improve customer experiences and
strengthen consumer trust. Personalised interactions should be designed to appear reliable and
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valuable to consumers, increasing the likelihood of purchase. Marketing strategies should
integrate Al-driven insights to craft personalised messaging, enhancing engagement and
conversion rates. Additionally, companies should prioritise transparency and ethical use of Al
to foster long-term customer trust.
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